KEHEEE

&, HEANL X
A P 8] b mAF R AL % 100035)

Ca-EXy

i BT IREE B T S R e e BTIR

R

B, EfF

AEJ1 55 3 AR IR T R B & 2 A i AR A

CIER fi 7}\)— 454 Amazon EMR/Kinesis , VMware BDE ,OpenStack Sahara %5 #L % 22 6 44835 T KA F & = ik

(PSS NI I PN €/ TR o =)
BT EES

S - KA D RS 6 AR A I 25 M 50 A

doi: 10.11959/j.issn.1000-0801.2015168

= AAE R R K R v T I 1) O B IRDTE AT 1 IR A T, AR DG B R I ot ke A

Cloud-Based Big Data Technology

Wang Feng, Yang Mingchuan, Liu Yuan, Wang Heyu
(Beijing Research Institute of China Telecom Co., Ltd., Beijing 100035, China)

Abstract: The development direction of big data technology was analyzed. The necessity and feasibility for

integrating cloud computing and big data were discussed. Then, typical case studies of current mainstream

technology were present, and the most critical problems and corresponding solutions for future development of

cloud-based big data technology were concluded.
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